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2 https://github.com/ymcui/Chinese-BERT-wwm

3 https://github.com/brightmart/roberta_ zh

* https://github.com/CLUEbenchmark/CLUEPretrainedModels
® https://github.com/PaddlePaddle/ERNIE
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Table 2. SLARBER BLSC AR

Model Recall@1 Recall@3 Recall@5
Baseline 62.7% 93.0% 93.9%
Baseline+Bert-2 79.0% 93.9% 94.5%
Baseline+Bert-2+4Bert-1 80.4% 94.3% 94.7%
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Light GBM 1543 % 7 i A 45 R n s, Hor
» Our Model w/o EL score &/ T 7 2P SR EERE MY B 1 5 28 S R4S
a1
+ Our Model w/o PG score 375 i 7 ¥k 25 Hil A2 A U B B A2 AH AL
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. ();ur Model w/o LGBM score /R THE %2 Light GBM 1584
(3) T E LRI BB T FEHR Noy W TR AL RO, Forf
e Our Model with Nes:(] %%%E??ZEE%%E@,TﬁﬁiMS?}L}E%&i Nes:O;
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(1) SFRFEASTUR BT, EB PR RIGh B A 43 28 i B 2 B )y
[T 45 G 0.6% , S T TestA A B bk —E AR 5%

(2) FFRETAT IR, SEPREEBE Y B 52 (AR LightGBM f340hH IR 4 45
SR, B 11% il 1.3%.
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LAY T B AT A ARSI B B B 4 e S



BE TR R A5 F) H SRR 1) 5 7 3% 7

Table 3. B, BEHET 55 RREERLR.

Model F'1 score A
Our Model 90.8%

Our Model w/o Multi-model Filtering 90.2% -0.6%
Our Model w/o PG score 90.5% -0.3%
Our Model w/o EL score 89.7% -1.1%
Our Model w/o LGBM score 89.5% -1.3%
Our Model with Nos =1 90.5% -0.3%
Our Model with Nes =0 88.4% -2.4%
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