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Abstract: Aiming at the problem of automatic recognition of the hypernym relation of the
medical entity concept, a method for predicting the hypernym relation based on pattern
expansion and BERT classification is proposed. Based on the pattern expansion, potential
hypernym relation pairs are extracted from external data, using BERT-Attention-Bi-LSTM model
predicts the potential hypernym relation pairs and obtains the prediction results. The method
ranks first in the evaluation of the hypernym relation recognition task of CCKS2020, which verifies

the effectiveness and feasibility of the method.
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